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IF ((PCA123==236.49, 40.62, 48.87, 53. 00{CF=>0.4}) and (TM4=0.00, 5.92, 21. 68, 29.56{CF>>0.4}) and (TM5=

0.00, 0.00, 22.51, 39.39{CF=>0.4}) and (TM7=0.00, 0.00, 9. 30, 14. 93{CF=0.4})) THEN id is C1 Certainty is very-

FHBREFEELM RBRSHEDIN . BFU—E

close -to 0. 95 .

IF ((PCA123= 30.01, 37.89, 53. 64, 61.52{CF=>0.4}) and (TM4= 5.59, 14. 60, 32.60, 41. 61{CF=>0.4)}) and (TM5=
0.00, 9.08, 46.60, 65.35{CF>0.4}) and (TM7=0.00, 5.64, 27.40. 38.28{CF=20.4})) THEN id is C2 Certainty is
very_close_to 0. 95

IF ((PCA123=42. 20, 62.08,101. 84,121. 72{CF=>0.4}) and (T'M4=29.78, 48.15, 84.91,103. 29{CF=>0. 4}) and (T M35
=48.73, 85.48,159.00,195. 75{CF=>0.4}) and (TM7=34.21, 52.59, 89.34,107. 72{CF=>0. 4}))THEN id is C3 Certainty
is very_close_to 0. 95

[F ((PCA123=29. 62, 34.12, 43.13, 47. 64{CF=0.4}) and (TM4=22. 29, 42.55, 83.05,103. 31{CF>0. 4}) and (TM5=
0.00, 18.99, 70.00, 95.51{CF=>0.4}) and (TM7=0.00, 1.22, 24.48, 36.11{CF>=0.4})) THEN id is C4 Certainty is
very_close_to 0. 95

IF ((PCA123=34.89, 43.90, 61.91, 70. 91{CF=0. 4}) and (TM4=22. 38, 33. 25, 55.01, 65.89{CF>0. 4}) and (T M5=
44.08, 66.97,112.73,135. 61{CF=>0. 4}) and (TTM7=20. 98, 33. 74, 59.25, 72. 00{CF=0. 4}))THEN id is C5 Certainty is

very..close_to 0. 95
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Robust Statistical Theory Based RS Image Feature Estimating Model

Luo Jiancheng, Zhou Chenghu
(LREIS, Institute of Geography, Chinese Academy of Sciences, Beijing 100101)
Ma Jianghong
(Department of Mathematics, Xi'an Jiaotong University, Xi'an 710049)

Abstract Gaussian Mixture Density Modelling and Decomposition (GMDD) is a hierarchical clustering method based on ro-
bust statistical theory. Firstly, GMDD is assumed with a mixture group of Gaussian distribution in feature space, then by op-
timization algorithm the feature which mostly accord with the assumed distribution is hierarchically extracted from space until
all of the features in the space are decomposed to a group of featuring pattern. Compared with conventional statistical cluster-
ing methods, GMDD’s main outstanding superorities are: (1) Initial number of features does not needed to be specified a pri-
ori; (2) The proportion of noisy data in the mixture can be large; (3) The parameters estimation of each feature is virtually
initial independent; and (4) The variability in the shape and size of the feature densities in the mixture is taken into account.
The article presents the model named the GMDD based remote sensing image feature estimation model (GIFEM) , and the
model of GA space searching optimization is also presented out.

Keywords Robust statistics, Gaussian Mixture Density, Image features,Genetic algorithm
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